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Abstract: A blind video image denoising algorithm based on non-local self-similar series sets is proposed to improve
the peak signal-to-noise ratio and denoising efficiency of video images with displacement characteristics. Image block-
groups with typical features are detected in each frame, and accurate inter-frame displacement between the image and previ-
ous frame is computed based on image block-matching. The noise image is divided into several image blocks, and the self-
similar series set of each image blocks is constructed quickly according to the inter-frame displacement. A 3D transform is
applied to the self-similar series set, followed by an adaptive-threshold of the transform coefficients to attenuate the noise.
The 3D estimate after inverse 3D transformation are aggregated to obtain the finial image. Experimental results show that
the proposed algorithm has significate advantages in PSNR and visual effect in unknown noise variance, meanwhile it also
has higher efficiency.
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